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5Pk, WeAh, SUN-SEG [63] A1 1 HARERAE PR i 435
e, o8 B AR € —BUS I 5 T T s PR (0) T
— T, WAL SR SEE IR TREV B0, B
RE ZAL A H AR BOR HIH 2 R # 55%. B, Nerthus [20] 3E
B e BT RV, AR S B AR (5 E . GastroVision
[67] Hp 2RI AR B R, BlanSEAS B BE v gebnid >l “HiBh
THE”, aT9k “ElRNAM” . 14h, Kvasir-Instrument
[51] SO0 BRI 7 A EA T 73 BIRRYE, 208 T B A S5 HA B AR 1M
Kvasir-SEG [39] BB bR, AR SSmEERT4. PAE
] R 7S F AT 2P AR R WA T 40 2 > [05]L i M
F27>] [90] BURARARE 2T [07] SRS SE L BRI T I 25,

4 EFHENEHRER

KA RGBT [ 2015 4Lk % £ T L 5 WP 5%
$ 137 RIS B TR 0L ST BFGE R 576,
TR T A2 T = K AR S, 4T 18 A4 b
(§4.1 345) . 24 REMIBIR (§4.2 595) DAKL 86 1AM IR
(§4.3 T47) . QI 3 B, X LCRUUZER M F T4
TATLH. BT, FATE §4.4 BTN ERHE T L 50
SR (VL) MBI, R T SR e b it
I BR R,

4.1 SFEER

o MABTBE. 2 2 LB T T AR I 2RI %
P FARERS, W2 TS SR [107], [110], [113)-
[L15], [117], [119] ST i, SXAE— AR R



SHRISE SRR, HiEE: CU = CU-ColonDB |

KC=Kuvasir-Capsule [57]. EFME: CaffeNet [98],
], MobV2 = MobileNetV2 [102],

ViT-516/ViT-B16 |
13D [106].

THEE (US) fsElE (Ws)

*2

], CDS = ColonoscopicDS [27],
D-121 = DenseNet121 [99],
R50-Att = A= S1HEHREY ResNet50 |
“Customised” FRREST I LAMESEHHEMME, HER—
# (SVM) BRIMMSARE, REER © 58

FHEE (SS).

1

Private = private data,
R-12/-18/-50/-101 = ResNet12/18/50/101 [
C3D [104],

HK=HyperKvasir [
1
Inc-v3 = Inceptionv3 |
b FERMMAERAEE. LML HeERE (FC
HokEEMANMHZ HHES. 2248 NE 3 HAREZRG. 2IFK: FIRME, WLEE
CAERERL, BRIESHRE, UTREEA—BNES.

1,
1

) BIZ#EE
FS).

) R Bt I AR ETM% RS I TN =S
Zhang %\ [20] JBHI'16 ST RS2 S CU. CDS CU. CDS CaffeNet BF#1| SVM FS -
RIIS-DenseNet [107]| MICCATI’'18 TERAAEYE . HIHLEL 3 Private Private D-121 SF FC FS
FSAD-Net [108]| MICCAT’20 ZHAE Bkl Private Private D-121 BF#2| FC US |Link
Gammulle % A [109] | MICCAI’20 PSS Kvasir [29]. Nerthus [30] Kvasir [29], Nerthus [30] R-50 MF#1| FC FS
ADGAN [38] ISBI’20 BRI Liu %A [38] Liu %A [358] Customised BF#2 VA Us
Carneiro % A [110] MedIA’20 WRURH e & R Private Private D-121 SF FC FS
@ SSL-WCE [111] MedIA’20 R R CAD-CAP [412] CAD-CAP [12] D-121 BF#2| FC SS  |Link
= PolypsAlign [48] | MICCAI’21 i 36 5 CPC-Paired [48] CPC-Paired [15] R-50 BF#2| FC FS |Link
§ CPC-Trans [112]| MICCAT’22 RS IR s — Btk CPC-Paired [48] CPC-Paired [48] ViT-S16 BF#2| FC FS |Link
= FFCNet [113]| MICCAI'22 Bk ) Private Private R-18 SF FC FS |Link
DLGNet [114] MedIA’23 TR AR Private Private R-18 BF#2| FC FS |Link
Yue A [115] TIM’23 TR EES Private, HK Private, HK MobV2 SF FC FS Link
DAFON [116] ESWA’24 INBEAR TS ] Kvasir-Capsule [57] Kvasir-Capsule [57] R-12 BF#2 FC FS -
SSL-CPCD [74] TMI'24 | EAEALS - 25005 LIMUC [69] Private, LIMUC [69] R50-Att  BF#2| FC FS |Link
i’j BseNet [117]| MICCAI’18 | Ll E . LSTM [ ] Private Private C3D SF FC FS
%E Byrne %A [119] Gut’19 S RS0 Private Private Inc-v3 SF FC FS
'é{ Tamhane %A [ ]| MICCAIw’22 | PAYGE transformer Al Private Private ViT-B16 SF FC FS -
ké Tian %A [60]| MICCAI’22 Z9f)243) WVAD [60] WVAD [60] 13D SF FC WS | Link
BRAELR (SF) | EIRIER (MF-1) ZRAER (MF-2) | S XAEZR (BF-1) | HHAER (BF-2)
! ),-\ 'IZI->- ! ),-*-'IZI*-*-*-
|:|+-+-+--|:|+-\4 -- - /,-+--|:|+-\ Y s
-D-»- ! --»--G-»--»--»-
PN PAzmaAn % B = HT0% Bl s —> HiEE - 3 () . 4 MBS (Tik)

B 3. BT HRENZPAE. 2RIER (SF) MERREFEMAATEY, BERERRINFN. STERTNE MY, BFRHITLER, XLEHT
AR BB (MP#1), RERBME (MF#2) . SERIXNESRERNT R, TAEMIN (BF#1) HE M (BF#2) =EE4
ml XEETHHBEESZITMNIEESHEE, flmaREs.

T AU AT B AT . XA MR T AR B SR R Y
DRAAAEES, PI—& TAEEULTIK 2 BRI Al i

SRy — Bkl [112].
o K thFvBE. (a) Tk FIPRORIRL [20] (6 IS SR ] &

RIEG hi A 18], [112], B—NETAER (107 g1 (SVM) ERsi= ;é,uﬂﬂﬁﬁﬁé T A 3 SR 4
sIUEUT S [00] AR AL Besh, WA RETRRRST ey ams E%ﬁléﬂﬁﬂi{ﬁ ~/\%WJE
PP [117]. Silpoian B 3hiRs) [115] REEBEREFR  ADGAN [35], ﬁj‘i{ﬁ%)ﬂﬁz&Xj‘jﬁnnéﬁ RSB ERA
ReERIZARRAE A [120]. T A PRI DA 02 S (R L (b) Yo% H
BRI EE. A% Se A 96 6 SR R P R s p s . AR BURALHO T 4= =2~ Eﬂﬁﬂ?ﬁ?ﬁﬁ‘aﬁ{fﬁﬁu
(a)iq—m,n;a,ﬂ;qggﬁg[ 1, [100] 3% 2R 7 ImageNet  FOHE EREFTINGR. SR1T, SHEEm#cufACR, Haursdr
Felide (1] LB BT T4 (140 ResNet [100] F1 IRPRESE R RN, AfpEo) (111, S5
DenseNet [09]), TEMIBIFENRER TEL A%, i ~ [00] PARICHERT [35], [105] 45
SCHR [112] W T SE Transformer, SCHk [110] A T2 o PR AN SO =07 T BS54 1 40 LB SE IR (a) 150K
L5 L5H. J)— P2 SSL-CPCD [71], BAUSEREAL 252 [AIEAL [150] SCREHr# 1 WL AE 3 T 99 45 15 A A3 31 75 404
BEAT IR DA R 8 SO RAE, RS HIZ AR & AT R s, RSEIE SR (0 CLIP [151]) 5IA4EAES,
BHBAESS. (b) R4 FES5H R B 2R, W 3 FoR.  WREH R B EIMEER. (0) 2285050 FM a0 A A
—ANEAR R HOR M BRAER (SF), IERE TEEER B0 090. Kvasiv RIVEHEE (29], [44], [57] k51t
i [110] =GR LS [60], [117) #00UF AL B SERHE. 1 S8R TR I BN SRR, A SCRFE §5.1 37 EPi_~*/H“*‘

Ab, Gammulle 58 A [109] $H T— PR RS, HT 5
JZRHEGRED , SCHFFTRFIAZE ) MF#1. 55 =, R34 i i

FIEEE, TOMSRCR 4y AT 2 B ARaE ), LAY SR
FFEHATFAET AL A [20). RIS Hr Ak [114] AR A R

Tk e AR ARAE RV E I T T ). () AL I Bt
G 28 B T — 2R AR 55 R BN, Tian ff}\ [ ] A
SRR TS I BEAS A AU Y S . DAFON [1106]
TEDREARSE S HEBL A R T — Tl 70 28 .


https://github.com/tianyu0207/FSAD-Net
https://github.com/Guo-Xiaoqing/SSL_WCE
https://github.com/qinwang-ai/PolypsAlign
https://github.com/WeijieMax/CPC-Trans
https://github.com/soleilssss/FFCNet
https://github.com/soleilssss/DLGNet
https://github.com/Weipeishan2021/Class_Imbalance_loss
https://github.com/EricXuziang/SSL-CPCD
https://github.com/tianyu0207/weakly-polyp

*£3
ZHER TR AEEER. HIE%E: C6=CVC-ClinicDB [22], ETIS=ETIS-Larib [21], ASEI [35], C3=CVC-ColonDB [20], KUMC [58],
LDPV=LDPolyVideo [49], SUN=SUN-database [55], PL=PICCOLO [40], KID=KID1&2 [32], CDS [27], KSe=Kvasir-Sessile [56], ASU
=ASU-Mayo [23], CDB=CVC-ClinicVideoDB [25], ES=EndoSceneStill [31], CU [26], ACP=ACP-ColonDB530 [43]. £FF#: R-34/-50/-101
[100], CDN-53=CSPDarkNet53 [121], DN-53=DarkNet-53 [122], EffDet-D0=EfficientDet-D0 [123], AlexNet [124], V-16=VGG16 [125],

R-50v2= ResNet50V2 [126]. Tk (WF):

] ) BBt

—HrE (OS) k&R (TS) TiEiR. NMS:
IS

JEARAEING. EC: MBEER.

ESNLE

JUUREN €I WF 4 INMSEC Sup |f###

4.2 fENEER

o A A BB AS ISR % G ) H AR T 25 5 T BUE
FERL, T ARTFRTALAEE B SRy, X RBAL v H AR Al
ZRE, WIARS SR B [127]-[129], [131]-[135], [137]/
AT [23], [138])-[140], [142]-[149] HHBE R, PASENLZFh
KB, BUAnR I, S P A B R [10].

o SBRRYEE. X T AT R, A A AR ECE . (o) 2T
2 IR RS LSRN SR [43], [127]-[129)],
[132], [133], [135], [137], [144], [147)-[149] &M T-7E TmageNet
B 1] EIZRE) ResNet 254 [100]. 55 500
H TN R0y H ARk s, ilanscak [131], [143] iR T
DarkNet &%) [121], [122], Ti3C#k [134] R T EfficientDet-
DO [123]. (b) TAFAAZ - A MIABE I A % 2 7 A3 O 28 e 2
b AER 3B CTAERAR (WF)” —ir ARSI 4
PR B AT T 4028 WY B LA E DR 00 A A s X
AR AN H AR AP B, BIInEE T Faster R-CNN [141]
AR (AR AP I Sk [128], [133], [140], [142] ) . —BrBede
By AL R A A (R P, A BT A R T
AR, i, —SeRF5E [43], [131], [143] BT YOLO #E
Z[121], [122], T Yu A [145] T SSD HEZE [152]. (¢)
2R R IAEEY 67 T T H AR 28 BN S (R AR AR, G AE S
HEZE (BF#1/BF#2) Hscgl, WE 3 Fos. ARSI [129],
[139] Xf Z MEZR AT HEAT TI%E, e g ZRMHEE )
DI, AR S A4t Ry i A

o Wi BB, (a) /& AR T bk E A i T 5 R 5 ik
BRIt o BAw, Hr RO EI S (NMS) 22—l iz
KW [43], [131]-[134], [140], [142], [145], [147]. (b) 448
S 85 AT AR TFEUIN G TS, BIangE (23], [129], [138]

Yang %A [127] TIM’20 TR & 43 &1 Private., C6. ETIS Private, C6. ETIS R-50 TS BF#1 FS -
ConsolidatedPolypDA [125]| MedIA’21 R EEL A 3 C6 ETIS. ASEI R-101 TS BF#2 US |Link
MDeNetplus [129]| MedIA’21 AR T C6 C3. ETIS R-34 OS MF#1 v FS -
= FedInl [130][MICCAT’22 e S N e S KUMC KUMC R-101 TS BF#2| v FS |Link
= Pacal %A [131]] CIBM’22[dik) YOLOV3 [122]/v4 [121] SUN. PL SUN. PL. ETIS CDN-53/DN-53 OS BF#1| v FS |Link
= . , R Private, C6. Private, C6. )
g SMPT++ [132] TMI'22 TE P 3 R ETIS. ASEI. KID BTIS. ASEL. KID R-101 OS BF#1| v US |Link
] FRCNN-AA-CIF [133]| CIBM’23 FERE IR & 1R SCHER Private Private R-101 TS BF#1| v FS
Haugland %A [134] MI’23] S e Private, PL, CDS PL. KUMC EffDet-DO0  OS BF#2| v FS -
SCAN4+ [135]] TMM’23 TR A% 1 A C6. ASEI C6. ASEI R-101 OS BF#2 FS. US|Link
TFCNet [136]] CIBM’24 AL ERHIER M C6. KUMC, LDPV C6. KUMC, LDPV, KSe CDN-53 0OS BF#1 FS -
DUT [137]| TNNLS’24 SR T D I U C6. ASEI. Private ASEI, Private R-101 OS BF#2 US |Link
Tajbakhsh Z A [135]] IPMI'15 T HOATT & hGnk Private Private AlexNet TS BF#1 v FS -
Tajbakhsh %A [23] TMI'15 PEE [138] C3 C3. ASU AlexNet TS BF#1 v FS
Yu %A [139]]  JBHI'16 TELR S BRI ASU ASU Customised ~ OS MF#2 FS
Mo %A [140]| ICPR’18| 3T Faster R-CNN [141] #J# CDB C6. C3. CDB. ES V-16 TS BF#1| v FS
Qadir %A [142] JBHI'19 I [ g ASU. C6 ASU. CDB V-16 TS BF#1| v FS
AIPDT [143]|[MICCAI’'20 FEATHEI- B Private., CDB CDB DN-53, AlexNet OS BF#2 FS
Al-doscopist [43]| NPJDM’20 2SR C6. ETIS. C3. C6. ETIS, C3. R-50 OS BF#2| v FS
al ASU, CU. ACP ASU, CU. ACP
g STFT [144]|MICCATI’21 it 23 A AR ASU, CDB ASU. CDB R-50 OS BF#2 FS |Link
3 Yu %A [145] AIM’22 SRR (RIFERDA ) Private., C6, CDB  Private, CDB. ETIS V-16 OS BF#2| v FS -
& EMSEN [146] TII22| "R Z REE Shapley il CDS CDS Customised OS BF#2 FS -
=) YONA [147]|[MICCAI'23 FHEXT S & MHHEAES) SUN. CDB. LDPV  SUN, CDB. LDPV R-50 TS BF#2| v FS |Link
Intrator % A [148]|MICCAI’23 1 B B A R Private Private R-50v2 OS MF#2! Us -
V2I-DETR [149]| arXiv’24 A MR A PR R SUN SUN R-50 OS BF#2 FS

W 30 2 2 320 B AR IR L LR, (¢) BB R 9% H
B A4 B2 20 SRms Ay =, L s I g bn % [127],
[131], [133], [134], [140], [142)-[146], [149] HIBBREARE [23],
[129], [138], [139], PARZT I A FAERE BT 2% 2] [147]. 53
AR [128], [132], [135], [137] $RER T Jo MBI b 45
AR, DRSS 25 B iR o Ta) ) JE A ARG TN AT A%

o VI AT LR FHHE tH DA R LS ERS5E (o) e, K
ZHRA R ERAETRME A, mHALZ SR A 25 R 2 5
() AT D ARBIFSE S it — SRR AT £ B AR B4
[35] B2 AU BARAE [79]. (b) HIR, 2% SRmE 1 K15 3 T K
. RAIAEAY U R SR 55 B SRR AL [250] A
ZOERMI T EMEN S, B eI S R
A FE kB D, BrPATRESE Ll ik, HLEA 0 ) AR R
(c) R, BT 2T ERRMNESE 2 Ah, JTAEsk %
FR 5 R ATERA R T B A & AL, AT Transformer
B DETR [257) DA KT 941 DiffusionDet [255]. t4h,
HWREESDRERFERG RS, OF = TR
B [143], [145], [148] UERH T 7650 — B PR 0 RN SR R AT 55 0 T
BIAR . (d) &G, R SUN-database [55] (>158K 4~
FEA) Fl LDPolyVideo [19]  (>900K MEA) 4RI
RARXTRE A, (R SREZ G — . ARuEAL A Al o

43 HEED

5 RTAIIECERHE, 4 BIBFCE A R, T2 3 4.
o BABTEL. KEHO BRI B T A AR (EIRR),
TR T A B ERTR AT R R AR, BT
SN RIEC Y Z T PraNet Wik [176]. —AHISk
S AFP-Mask B8 [107], FAAE T — /Tt S AOESL 5 1]


https://github.com/CityU-AIM-Group/ConsolidatedPolypDA
https://github.com/CityU-AIM-Group/FedInI
https://github.com/ishakpacal/An-Efficient-Real-Time-Colonic-Polyp-Detection-with-YOLO-Algorithms-Trained-by-Using-Negative-Sample
https://github.com/CityU-AIM-Group/SFPolypDA
https://github.com/CityU-AIM-Group/SCAN/tree/SCAN++
https://github.com/CityU-AIM-Group/Decoupled-Unbiased-Teacher
https://github.com/lingyunwu14/STFT
https://github.com/yuncheng97/YONA

x4

BTN TR, HEEE: C6 [22], ES [31], KS=Kuvasir-SEG [39], C3 [20], ETIS [21], HK [44], ASU [23], CDB [28], BKAI=BKAI-Small

[47], KSe [56], GI=GIANA [153], SUN-S [63], PG=PolypGen [70], K-I=Kuvasir-Instrument [51]. EFMZ: ResUNet [154], R-18/-34/-50/-101
[100], R-50v2 [126], R2-50=Res2Net-50 [155], V-16 [125], DeiT [156], Eff-B4=EfficientNet-B4 [157], DLV3+=DeeplLab V3+ [155],

PB2/3/5=PVTv2-B2/-B3/-B5 [159], CvT [160], MiT-B2 [161], CMLP=CycleMLP [162], P-DETR= Point DETR [163], D-121=DenseNet121

[99], MN=MSCAN [164], Swin-T [165], SAM [166], SAM2 [167], ViT-B16 [101], DLV2=DeepLabV2 [168], HR-W48=HRNet-W48 [169],
CN-T=ConvNeXt-Tiny [170], SFB3=SegFormer-B3 [161], M2Former=Mask2Former [171]. Edge-sensitive {@iT 2 (EX) {ERBLEEAHM

B/AANFRARRDEBAMRT (IM#1) SAKBARHENE (IM#42) HITHHT

i iRy st plEE e R ETM4% Ak B #Jr HEE
Yuan GA [172 JBHI'17| %A ML & MhE L R aEE Private C6 Customised BF#1 B UsS B
SFA [173][MICCATI’'19| iy & HRLH ES ES Customised  BF#1 EX FS Link
ResUNet++ [174 ISM’19 Muj‘lﬁ?;’mal UNet [154] C6. KS C6. KS ResUNet MF#1 - FS Link
ACSNet [175][MICCAT’20 FIGE R b T SO ES. KS ES. KS R-34 BF#1 FS Link
PraNet [176][MICCAI’20 mm AT RS C6. KS C6. ES, KS, C3, ETIS R2-50 BF#1 EX, IM#l FS Link
UI-CNN [177]| MedIA’20 SR | T R ES ES V-16 MF#1 IM#2 FS Link
ThresholdNet [15 TMI’20 T TR A8 ES ES., WCE-Polyp [45] R-101 BF#2EX, IM#1 FS Link
SCR-Net [178]] AAAT'21 N & Kith KS KS Customised ~MF#1 - FS Link
BI-GCN [179]| BMVC’21 ;}j?-@clﬂlﬂ{ 1 C6. KS C6. ES, KS. C3, ETIS R2-50 BF#1 EX FS Link
FDSemi [180]| ICCV’21 Bl & AR C6. KS C6. KS Customised BF#2 IM#1 ss Link
CCBANet [181]]MICCAT’21 Zk EF I & RS C6. ES, KS C6. ES, KS R-34 BF#1 IM#1 FS Link
CCD [122][MICCAI'21 YR M3 HK. Liu %A [38] HK. Liu %A [38] R-18 BF#2 - uUs Link
HRENet [183][MICCAT’21 wmuﬁwu C6. KS C6. KS. C3 R-34 BF#1 EX FS Link
LOD-Net [184][MICCAI’'21 C6. KS C6. ES. KS. C3, ETIS R-50 MF#2  EX FS Link
MSNet [185]|MICCATI’'21 i C6. KS C6. ES. KS. C3. ETIS R2-50 MF#1EX., IM#1 FS Link
SANet [186][MICCAT’21 mﬁxﬁl & WEFRIE C6. KS C6., ES, KS, C3, ETIS R2-50 MF#2 - FS Link
Transfuse [187][MICCAT’21| transformers Al CNNs #ifr C6. KS C6. ES. KS. C3. ETIS R-50v2. ViT-B16 BF#2 EX FS Link
EndoUDA [50]|MICCAT’ 21| U8 FE N . A5k [ 45T 25 125 Celik Q}}\ [m] Celik %A [50] Eff-B4 BF#2 EX FS, US |Link
UACANet [188] MM21| R R R SOk L Cc6 C6. ES. KS. C3, ETIS R2-50 BF#1EX, IM#2 FS Link
_ R FARHIR & W R4 C6. 03 ETIS C6. C3. ETIS, .
Jha %\ [56]] JBHD'21 1 RosUNet 41 [171] KS. ASU. CDB KS. ASU. CDB ResUNet MF#1 - FS Link
MPA-DA [189 JBHI’21 TR [ 35 0 4 ES. KS ETIS R-101 BF#2 IM#2 FS. US |[Link
DW-HieraSeg [190]| MedIA’21 Lol shA AL ES ES DLV3+ BF#1 - FS Link
ICGNet [101]| IJCAI’22 SO B ES. KS ES. C3, KS R-34 BF#1 EX FS -
BoxPolyp [102][MICCAT’22 A FHERREE 4 C6. KS C6. ES. KS, C3, ETIS R2-50, PB2 BF#1 - WS Link
LDNet [193][MICCAI’22 HAHBAER & HHT Private, C6, KS Private, C6, KS, C3, ETIS R2-50 BF#1 - FS Link
PPFormer [194]|MICCAD'22| 31560 LR IHUR . Rif- 27 ius C6. KS C6. ES. KS. C3, ETIS V-16. CvT  BF#1 EX FS -
SSFormer [195]|MICCAI’22 BT & A/_'!Pfrﬂ J;PA C6. KS C6. C3, ETIS. KS MiT-B2 MF#1 - FS Link
TRFR-Net [196][MICCAT 22 95 M AFAE C3. ETIS. KS C3. ETIS. KS R-34 BF#2 - FS. US |Link
AFP-Mask [197 JBHI’22 e H Private, GI Private, C6, ETIS Customised BF#1 - FS -
BCNet [195 JBHI’22 BEIERE . XA AR KS C6. ES. KS R2-50 BF#1 EX FS -
BSCA-Net [199 PR’22 Ryl 1 hi)ieﬂm#ﬁ\l C6, KS C6, ES, KS, C3, ETIS R2-50 BF#1 EX FS Link
Polyp-Mixer [200]| TCSVT’ 22 y g C6. KS C6. KS, C3, ETIS CMLP BF#1 - FS Link
ACL-Net [201 AAAT23 ] C6. KS C6. ES. KS. C3. ETIS R-50 BF#2 - ss Link
WS-DefSegNet [68]| CVPRw 23| a[Z % transformer. FRBHTSE K W-Polyp [68] C6. KS. C3., ETIS, ES R2-50 BF#1 - WS, SS |Link
WeakPolyp [202][MICCAT 23| HERE N R R — 3o SUN-S. Private SUN-S. Private PB2 BF#2 - ws Link
PETNet [203][MICCAI’23| FRERT | S C6. KS C6. ES. KS. C3, ETIS PB2 BF#1 - FS Link
& S2ME [204][MICCAT’23]| TIHAL FEE SUN-S C6. KS. SUN-S, PG Customised BF#1 - WS Link
B Su %A [205][MICCAT’23 LS & R C6. KS C6. ES, KS, C3, ETIS PB2 BF#1 EX FS -
3 Polyp-PVT [206 AIR’23| My 453595 transformer C6. KS C6. ES. KS, C3, ETIS PB2 BF#1 EX FS Link
= RPANet [207 IPMI’23| HELEI AR [ 1R Private C6. ETIS. KS R-101 BF#2 - FS. US -
= FEGNet [208 JBHI’23 A 47 0 4 C6. KS C6. ES, KS, C3, ETIS R2-50 BF#1 EX FS -
BS-Loss [209 JBHI'23 13«’]“@551 4 K-1 K-1 Customised MF#1 EX FS Link
Point SEGTR [210]| MedIA’23 KRB Cc6. ETIS C6. ETIS P-DETR BF#2 - FS. WS, SS| -
DGNet [211 MIR’23 C6. KS C3. ETIS Eff-B4 BF#1 EX FS Link
CFA-Net [212 PR’23| C6. KS C6. ES, KS, C3, ETIS R2-50 BF#1 EX FS Link
ColnNet [213 TMI’23 C6. KS C6. ES. KS. C3. ETIS D-121 BF#1 EX FS -
FANet [214]| TNNLS’23| Cc6. KS Cc6. KS Customised MF#?2 - FS Link
MCANet [215 arXiv’23 C6. KS C6. ES. KS. C3, ETIS MF#1 - FS Link
Polyper [216]]  AAAD24 C6. KS C6. KS, C3. ETIS, ES Swin-T MF#1 IM#1 FS Link
EMCAD [217]| CVPR’24 ;ﬁzﬁ %3 C6. C3. ETIS. KS. BKAI C6. C3. ETIS, KS, BKAI PB2 BF#1 - FS Link
Schén %A [218]] CVPR’24 SAM ( [166]. Hi -1. CDB. KS -1. CDB. KS SAM BF#2 EX ws -
MH-pFLID [210]| ICML’24 B A Private Private Customised  BF#2 - FS Link
ASPS [220]|MICCATD’24| SAM [166]. RiffisE s S iEm C6. KS C6. ES, KS. C3. ETIS SAM. MN BF#2 IM#2 FS Link
Polyp-Mamba [221]|MICCAT 24|  MACRASBAL, 5L R0 C6. KS C6. ES, KS, C3, ETIS VMamba [222] MF#1 EX FS -
QueryNet [223]|[MICCAI’'24 sy & il GE—HERR C6. KS C6. ES. KS. C3. ETIS M2Former ~ MF#2 - FS Link
LSSNet [224][MICCAT’ 24| JRih & WIEFHIER C6. KS C6., ES, KS, C3, ETIS PB2 BF#1 EX FS Link
BSBP-RWKV [225 MM’24|  FrESHES . RWKV [226] KS KS Customised  BF#1 EX FS -
CFATransUnet [227]| CIBM’24| iliZfl& s by Transformer Cc6. KS Cc6. KS PB3 BF#1 - FS Link
PolypMixNet [228]] CIBM’24 —EETENME . BhbRSE C3. C6. KS. ETIS C3. C6. KS. ETIS R-34 BF#2 - ss Link
RGIAug [229 JBHI'24 B4 R B C3. C6. ETIS, KS C3, C6, ETIS, KS Customised  BF#2 - FS Link
EMTS-Net [230 JBHI’24 ZAT 55 Piplel 1 2% C6. KS C6. ES. KS, C3, ETIS R2-50 BF#1 - FS -
MSDE-Net JBHI’24 EINERE IS K-I K-I R-34, DeiT  MF#2 - FS -
Polyp-OOD MIR’24 /}(ﬂ'—ﬂzﬁﬂ“é% v“it&ﬂmﬁu: SUN-S SUN-S, C6, C3, ETIS, KS ViT-B16 MF#2 - Us Link
MedSAM NComs’24| SAM [166], /s Hybrid datasets Hybrid datasets SAM MF#2 - ws Link
FoBS TCSVT’24 zf&@ﬁb’v’“ﬂ:m KS. ES KS. ES, ETIS, C3 DLV3+ BF#2EX. IM#1 FS Link
DCL-PS TMI’24 MHAET L il ETIS. HK. ES. KS ES. KS DLV2 BF#2 - FS. US |Link
Gao %A TMI’24| 253 I & Sl (R Y C3 C3 SAM BF#2 - WS
SliceMamba arXiv’24| *mmif’vy i) R C6. KS C6. KS Customised MF#1 - FS -
ProMamba arXiv’24 WUAERAS 2 R et ) C6. KS C6. KS, C3, ETIS, ES, BKAI Vim [150] MF#2 - ws -
SAM2-UNet arXiv'24| SAM2 [167]. HEFiER 0] % C6. KS C6. ES. KS. C3. ETIS SAM2 BF#1 EX FS Link
U-KAN [240]] AAAD'25|U % Kolmogorov-Arnold [{% [241] [ef] Cc6 Customised MF#1 - FS Link
Puyal %A [242][MICCAD 20[ & TRAMB MM 2D /3D CNNs Private, KS Private R-101 MF #2 - FS -
PNS-Net [243][MICCAT’21 e I AS RS- v N s ) C6. C3. ASU. KS c6, C3 R2-50 BF#2 - FS Link
SSTAN [244][MICCAT’22 -2 R AL LDPolyVideo [419] LDPolyVideo [49] ResUNet BF#2 - ss Link
TCCNet [245]] 1JCAI’22 IS T bR Scik C6. C3 C6, C3, ETIS R2-50 BF#2 EX, IM#l Ss Link
Puyal %A [246]| MedIA’22 IR AR [242] Private. KS Private. SUN R-101 BF#2 FS -
= PNS+ [63 MIR’ 22|l M 4RI RIS B iR [243] SUN-S SUN-S R2-50 BF#2 - FS Link
= EUVPS [247 AAAT 24 5 RO IR AR g RUBE X 5 SUN-S. C6 SUN-S. C6 HR-W48 BF#2 - FS Link
B LGRNet [248][MICCAD'24| (R4 . A /RIEE B L C6. C3. SUN-S C6. C3. SUN-S R2-50 BF#2 - FS Link
é{ SALI [249][MICCAT’24 R KA H A SUN-S SUN-S PB5 BF#2 EX FS Link
ES Diff-VPS [250]|[MICCAI’'24 AL LA i) R SUN-S SUN-S SFB3 BF#2 - FS, US [Link
™| FlowICBNet [251 CIBM’24 PR E, WitE & PR SUN-S SUN-S R2-50 BF#2 - FS Link
Drag&Drop MIR’24 35 IR PR SUN-S SUN-S - BF#2 - ws Link
SSTFB arXiv’24 B R T2 2L SUN-S SUN-S. CDB R2-50 BF#2 - USs. FS -
Vivim arXiv'24| PRSI, e KS. ASU, C3. C6 C3. C6 Customised  BF#2 EX FS Link
MAST arXiv’24| 2 transformer, WA HH: SUN-S SUN-S PB2 BF#2 - FS Link

ELASEBI. BEAh, B —SEBRI T AE 209, [218], [231] %
VETAE T AR P TR BT 1.

o RLPRBYEL. (1) EF & EHANEIT 5 000 G 22
E T E BRI — o TR 6 T 7 TmageNet ¥oge )

8 (1] B2 NSRRI T 32T M2, B T S B 2
% (CNN) [176], [215]. #3E Transformer [200], [216], CNN
5 Transformer (IR M% [187], [194], [221]. £ 2 EHIHL
IRASZSIIREAL [221], [237), 238, [254). BB AN BN


https://github.com/Yuqi-cuhk/Polyp-Seg
https://github.com/DebeshJha/ResUNetplusplus
https://github.com/ReaFly/ACSNet
https://github.com/DengPingFan/PraNet
https://github.com/Wickstrom/uc-in-xai
https://github.com/Guo-Xiaoqing/ThresholdNet
https://github.com/jiafuz/SCR-Net
https://github.com/smallmax00/BI-GConv
https://github.com/C-GLGLGL/FDSemi
https://github.com/ntcongvn/CCBANet
https://github.com/tianyu0207/CCD
https://github.com/CathySH/HRENet
https://github.com/midsdsy/LOD-Net
https://github.com/Xiaoqi-Zhao-DLUT/MSNet-M2SNet
https://github.com/weijun88/SANet
https://github.com/Rayicer/TransFuse
https://github.com/sharib-vision/EndoUDA
https://github.com/plemeri/UACANet
https://github.com/DebeshJha/ResUNetPlusPlus-with-CRF-and-TTA
https://github.com/CityU-AIM-Group/MPA-DA
https://github.com/CityU-AIM-Group/DW-HieraSeg
https://github.com/weijun88/BoxPolyp
https://github.com/ReaFly/LDNet
https://github.com/Qiming-Huang/ssformer
https://github.com/CathyS1996/TRFRNet
https://github.com/guobaoxiao/BSCANet
https://github.com/shijinghuihub/Polyp-Mixer
https://github.com/xiewende/ACL-Net
https://github.com/ic-qialanqian/WS-DefSegNet
https://github.com/weijun88/WeakPolyp
https://github.com/Seasonsling/PETNet
https://github.com/lofrienger/S2ME
https://github.com/DengPingFan/Polyp-PVT
https://github.com/dujie-szu/BS-Loss
https://github.com/GewelsJI/DGNet
https://github.com/taozh2017/CFANet
https://github.com/nikhilroxtomar/FANet
https://github.com/haoshao-nku/medical_seg/tree/master/mmsegmentation/local_config/MCANet
https://github.com/haoshao-nku/medical_seg/tree/master/mmsegmentation/local_config/Polyper-AAAI2024
https://github.com/SLDGroup/EMCAD
https://github.com/xiely-123/MH-FLIDv1
https://github.com/HuiqianLi/ASPS
https://github.com/JiaxingChai/Query_Net
https://github.com/heyeying/LSSNet
https://github.com/CPU0808066/CFATransUnet
https://github.com/YChienHung/PolypMix
https://github.com/ChangJoey56/RGIAug
https://github.com/GewelsJI/Polyp-OOD
https://github.com/bowang-lab/MedSAM
https://github.com/TFboys-lzz/FoBS
https://github.com/taozh2017/DCLPS
https://github.com/WZH0120/SAM2-UNet
https://yes-u-kan.github.io/
https://github.com/GewelsJI/PNS-Net
https://github.com/ShinkaiZ/SSTAN
https://github.com/wener-yung/TCCNet
https://github.com/GewelsJI/VPS
https://github.com/zhixue-fang/EUVPS
https://github.com/bio-mlhui/LGRNet
https://github.com/Scatteredrain/SALI
https://github.com/lydia-yllu/Diff-VPS
https://github.com/eraserNut/ICBNet
https://github.com/johnson111788/Drag-Drop
https://github.com/scott-yjyang/Vivim
https://github.com/Junqing-Yang/MAST

x5
ESBRSEEEMYILE. ERTEAMRE FHERER (S [259]) #1 Dice & (D) HITEBS (%) MERHITIEGG, FHLERETRTENEML
RBIFE—EEMT TN S F. S ESHHEREKE R

Kvasir-SEG (100 kil [& A) [39] CVC-ClinicDB (62 kil & H) [22]
WS (#44) [0.0 = 0.5 — 1.0D [###%] 0.0 — 0.5 — 1.0 ### (0.0 — 05 — 1.0D###4 [00 = 05 — 1.0
Polyp-PVT [206]|92.51 [#1 91.74 [#2] 95.00 [#:2] 93.68 [#1]
CFA-Net [212]92.40 [#2 0091.47 [#4) 0195.07 [#1) "193.25 [#2]
MSNet [185][92.31 woo  @eMDI90. 23 (47 w9468 43 o @&0091.48 [40] o0 i
BoxPolyp [192]192.30 [#4 91.84 [#1] 93.70 [#6] 91.81 [#4]
SSFormer [195](92.21 91.71 [#3] 92.87 [#9] 90.60 [#7]
UACANet [185]91.67 (=0 wesib|91.21 [45) » =1|94.30 (4 4] o= |92.63 (3] wusf)
PraNet [176]91.50 [#7 89.82 [#5] 93.68 [#7] 89.90 [#9]
SANet [186]/91.45 (=5 wsl|90.41 (6] ‘ woisl|93.98 (5] =W(01.57 [45] T
DGNet [211](90.98 [#9 # 00 gotcl)(89.72 [40] o oo emeEAD93.39 [45) o ®wEl90.44 [#5] [0 ¢ ®9o (410)
MCANet [215]/90.25 [#10) 89.55 [#10] 91.79 [#10 89.70 [#10
Polyper [216]/90.08 [#11) 422l 89.12 [#11) 006l 01.29 [#11] Iy 88.63 [#11] =0
UNet++ [260][86.21 [#12) 82.08 [#12] 87.33 [#13 79.42 [#13
UNet [261]|85.76 [#13) ® 9000 GOSN S1.83 [#13) ow ] 24N (89.00 [12] XN C@iip|82.25 [ 12| U TH]
SFA [173]/78.14 [#14] 72.31 [#14] 79.33 [#14 70.06 [#14

(RWKV) [225] PA M Kolmogorov-Arnold M %& [225]. 5 —F
i SR 2 B2 R N R AR, BANTEDFSE [210]
HAEH T Point DETR 8! [163], PARAERFIT [190], [234],
[235] FHW. T DeepLab AT [158], [168]. Fir, AFRE
LIEWE A ER7R (promptable) ZEMHERS. S—Fr k2 BT
FERIE AT, EFE A7 B P Rx SAM BLRL [166] $EA 71
P [233], RN Bod SAM #HTIERS (218], FNBRME
W 2% 5 Transformer FIRE M 4% [220], 2iE- T IIZR7)E R
a2 AR SAM2 Ky gfde [239]). 75— R M E T
RS S SR WA SIS R [236]. (b) 2R AiE AT 4
A ) TR P R RS AR 3T, BRI AR 2 J2 SR ANARRAE 1T R 30
. MEIBALE R 2 M ESE, R 3 R A
KREFFRIRR TIZELR IR, IE R A2 4%
0], [174]) « IR EEAE S PMEALE] [223]. $RALEAMY L
GRS [211]. AR BRI [187], [194], [220]. 1F
HRZEGHE [232], Mt =468 [242], [240]) sEHERTD
B [63], [243], [249] IRERI S K E, PALCRIIAE 2 S K
[65], [210]. (¢) 2B o JUMAEEA Bl T s 8y X 43
HIS AT S BE ). AT BN PSR AR SR TT. 56
— e B G R R h % R, B EEA T
WA [173], [183], [211], WA A B A [50]. #5pFEie
TE A5 2% R AR S R X 1 G BRI R AR, Bl An i FUIASSR
W [194], [239] FE & X FF [184], [209]. 58 _Fh 2 A T X
NGHUER TR (GIANEE ] B g pLs] [170], TES45E
T [216] PARIBESE T [49]) BB AN P A R AR
R [177], [188]. MeAh, WA —2 R AR AR, HIan
TE MSNet #5224 [185] Hp[a] A A T IB0VA TR 115 10 Gl <
0.

o TR, KBTI S 0y ST, FEAE
(RS AR I BB, TSk [170], [200] s 5. I
K, BT K2R W 1) SIS S R I R Skm . B, dE s

SRR I EL A BRE RS 7T [202): T I BRI s
FFAHES) [152), 40 SNEE [232) DA R kRS IR [102),
[244). JEAh, R4 I AN U TR , B [50], [150],
[106], [207] 3B B E R LT 2 BN G5, SRJ5 DA TG Moo
519 )y RIEAE] AR Point SEGTR [210] 454 T =HRT
TR W5 2 DA TR Rl 2055314 0 461 25 SR PR TR £
JEBLEL, 41 Ren A [65) XHEOTEIUR IS8 I BHE B,
T A R D o 2 W B 2 b

o VI T RBUZ SIS TR, A SCE A I
£ ERGVHE T 14 MIFRRB S IR, FEE S HES. Iif
PRI AE Fan % N AR RAENNL [170] _BaFATilgh. seahal
RN, AT ERA S s i AR A RR, piltn,
55 IR AL BoxPolyp £ Kvasir-SEG a4 FHUS T i)
D 1345 (91.84%), w55 B SRmE (R 1. Ieabh, RS
BATE TP R He AR LRI, iR e AR 2
Biln, ¥ Kvasir-SEG k53455 S 13431 Polyp-PVT #iF
HZERL U4 BE I 2 55T SSFormer 5 HAWARL , R0 HAE
RFER ERvERE R sh k. B Bk, A 74T
AMEAF RYERIASRIETE I 1) () H 5, BUA R EE R [170]
AR B FEARE] 1500 4>, HAUHT A5 (BR) . —
MR, § BRI I SE 2 AR, T RE IR TR AL
BRIz AL RE J11) B ARG AE. X —FR SR IEHESIEFH A8, 11
WA TR % a2 3 sl TR [160], [167], PA
FBa y AR [262]) AE EEAE B AR [263] A AR ELRE
IPNZE. (b) BRItz Ak, ToRREIY SR AR T RELE. &
Bls ok [90]-(07], B DB E B ERS, X TR80
I PR L RS (¢) fJE, M EBEAERRALRET
L e (F 0 N O i3 v BN 3111139 o I o e e s
WA FEIX J ThT AT S A 45T g Stk LA [264].



(a) Z&ﬂ?%&l (c) Bk
§ 303,001
ColonINST o2 128,620
0% -
. (@)
450,724 000999000
(b) gt (SilpBiksarreiz) X
BRI SRS pagill
Wik | 74,407 106,570 | 180,977
LiSaT S 8,929 17,328 26,257
Wit | 45,284 50,483 95,767
A | 128,620 174,381 | 303,001
(d) Wz

nm’\\Po_lyplOW gr

neg [T, dyéd resection margin

,,,,,,,, ¢0lonoSCoDyL..

ieocecal vaivehigh grade ade o

de adenoma

hyperplastic lesion

(e) b ki Re
[Custom prompt] You are a specialized caption generator.
Carefully examine the provided image and generate a
caption of 3 to 5 sentences with a detailed and professional
description. The category information of this image is as
follows: This is a colonoscopy image of [root], aZan [child]
under the category of [parent]. Additional requirements for
the generated captions include : 1) Ensure the content is
factual and specific to the field. 2) The generated captions
must not be broad and must be meaningful.

Category prior

[root] pathological finding
[parent] polyp related

[child] hyperplastic lesion "
|

This endoscopic image reveals a hyperplastic
polyp within the gastrointestinal tract, characterized by its smooth,
round, and nodular appearance typically seen arising from the
mucosal layer. The lesion's surface appears intact without evidence

(f) ﬁﬂﬁgftﬂ‘ (}\*JU]LI” ... P of erosion or ulceration, which can be distinguishing features of
. (0) @ benign hyperplastic polyps versus malignancy. Surrounding

CLS REG REC CAP syl m....... mucosa app slightly ery 1s, but without significant

N . 7 inflammatory changes, suggesting a localized lesion rather than a
U”%‘% 74,407 54,237 54,237 74,407) 257,288 < diffuse pathological process. The field of view includes normal
E@ﬁ}:% 8029 4.874 4,874 8.929 27.606 vascular patterns surrounding the polyp, indicating preserved
’ ’ ’ ’ ’ tissue integrity. This lesion is representative of the most common

M4 45,284 37,631 37,631 45,284| 165,830 type of non-neoplastic polyp found in the colon, often identified

incidentally during screening colonoscopies.
JEFN128,620 96,742 96,742 128,620(450,724

4. ColonINST HI4T5. (a) BIRAFSESHRIBSHBYEEN=ZAPTR. (b) HEATIIE. WEMMRNERHERERFHE. (o) =
FAANEFES L. (d) BERKNIERIAZ. (e) £ GPT-4V WAMIBFRTER [0] MR ERTRE. (f) AOMES B ANIEHE.

44 PRFSED

5 ER=A A, ZEESHHTN S5 SCIATCA R 2L
AMRZHOTERAARBR, FAE2: ) SRS HAZ ]
R B B TFFSUE ISR A R AR 2 BT 55 P A
Rtk A A TR (B AR NI 30
R U B2 [265], §TRURAL [260] BCE TR A M4
[267] . AT HADBFIE [205], [209] HTYNZRR I GLIP 4
B [270] My T TR AR SR s TR B, SAM
BUR R PR A, b S TR . — 4
SUAR SR 2 G T A R PRI A G AR AR R B 7R SAML 1A,
SAM REMSTEMIEIE S (VL) BB Fisfy, iG-S H
I [271] SUEAEA H AR AR [272], [273] SR AR
F£ MEDVQA-GI 53¢ [60] t, KRR pk Ty A2 2T 115
HITTIR, FROLETE AL 55 N G JE A, B R B R-5C
ARSIy FCTUE SCRAREE. 75— ol S e A U i e 7 58
[274], TR FN R BLIP-2 A8 [275] (847 15 Bl AZE BT
AR

o VB il B AR IIEET (VL) BTG T REA PSR
H. (a) vARLIE A b oSy FIRL. 2 S50 40 HL g o i i T #R-SC
A, BN HZAT A E B R, KRR AT AN EA I
SRS PARIBUR K. e, PRSI [276] FIRkaE Sk [277]
HORIBR AR (4 R - SCA B, ATy il o ek B i
BRI, 68 GPT-4V [0] Srifi SRR ] DI U R %
WA, YRR A IR S AR A T —Fh 2 TF HLT 9
R TT 5. (b) vAARTL h b s bg AL R T 2 RS SR
A (MLM [9], [278]) ©BUS T REvRE, HUHZ e
Ty 55 P AL RE T 5 BRI RS 5 3K e AR A 2%
BEAES (e, EgHR) BaE—DaREEsRE (8

—FRCTRI ) . AR L A AL PR (] R i At SC
AW RIENE, HICH A FALS5 B E 1 F k.

5 #EH#ATEMRERLENSERSES

I, ZRESIEF B (MLMs) eI 5 e AL B2 AL
HSOTH B ORI Sy, JUHGRAE AT M R
D7 $EWOA [279] 165 2 BESTE F BT A 1 P W
U IR SURAT 55 HOR B T OCBAE . AN A TS B RS
WFFCRY =T S B2 15, AATAR AR R A 35 -1t
JH%dE4E ColonINST (2L §5.1 &) 5 Huk, ik
— AT [ 45 B Bk A2 3 S 2 SIE H A ColonGPT (3
S §5.2 ) . BE, BATNEID B A A5 PR T
PEBESHMENK (S §5.3 FA7) , FFHISE ColonGPT

TR T IMHSIRAMT (0L §5.4 T), IS T M
WEAFHANEE (B §5.5 1)

5.1 BEIIMIESHIALIESE: ColonINST

Bl (d-a) 7R T ABIESEH T B 45 & o Bt i 21 B sk
TARGAR. SRS =PI E5E, AR sk
Zilppik A g, Hak, SiEREE SRR, SZEESAT
BHEMRAE N GPT-AV [O] $AT5H., S Bl ey B 51
AR AR RSO A Bm, TN Bk BT T A
ISR AR RORRE AT, SRR RS DAXHE S B L AT
INES )7k ik q

o Bt i (4-b) Fron, ColonINST #rfls £ It
303,001 K5 Bt & R, Wi 128,620 I BH M Bl 5
174,381 BIAYERG B, 20510k B 19 ASAE R IR, A Pk
Holloe Bk I B RO ER , BATHIE T — B RGN E M
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xR 6
ELHABIER ColonINST HiF4IER. MWFEWES, AXRETANTATIESER. BTHRAANIHEREBHRRFI— N AN IIERF.
fE55] 3B Bl IR 5]
1.Categorize the object. 19 MR — SUN-database [75]. CVC-ColonDB [20]. PolypGen [70].|®  Hypan: “Assign the object to its
2.Determine the object’s category. ETIS [21]. KUMC [58], Kvasir [29], PSNBI2K [17]. GastroVision [67]| i corresponding category”

43743.1dentify the category of the object. [EDD2020 [41]. Kvasir-Capsule [57]. CP-CHILD [52], BKAI-Small [17] “ Answer: “polyp” L
i4.Classify the object’s category. PICCOLO [410], WCE-CCDD [61], CPC-Paired [48], HyperKvasir [44] ; ,E%
5.Assign the object to its corresponding category. Nerthus [30]. Kvasi-Instrument [51], CVC-ClinicDB [22]
1.What category does{object coordinates} belong to? D Human: “Could you provide the category
2.Can you tell me the category of{object coordinates}?  [11 M4gii — SUN-database [55]. CVC-ColonDB [20], EDD2020 [41], { Sfor (<147><317><665><770>)?" ’

[7]J4[3.Could you provide the category for{object coordinates}?[ETIS [21]. KUMC [58]. Kvasir [29], PSNBI2K [17]. PolypGen [70].

4. Please specify the category of{object coordinates}. CVC-ClinicDB [22],

5.What is the category for{coordinates}?

Kvasir-Capsule [57],

Kvasi-Instrument [51]

“ Answer: #88
il “high grade adenoma”

1.Where is the location of {object category}?

o 7 .
' Human: “Where is adenomatous

2.Could you give the position of {object category}? 11 Ml — SUN-database [55]. CVC-ColonDB [20], EDD2020 [11], { located?”

#:%(3.Where is {category}located? ETIS [21]. KUMC [58]. Kvasir [29]. PSNBI2K [17]. PolypGen [70]. “ Answer: s
4.Could you specify the location of {object category}? ICVC-ClinicDB [22], Kvasir-Capsule [57], Kvasi-Instrument [51] (Q\ "{<128><406><216><496>}"'ﬁv
5.Please specify the coordinates of {object category}. =
1.Describe what you see in the image. 19 MRl — SUN-database [55]. CVC-ColonDB [20]. PolypGen [70]\|®  [yuman: “Detail the visual elements in

2.Interpret what the image shows.
Hliif3.Detail the visual elements in the image.
4.Explain the image’s visuals thoroughly.
5.Offer a thorough explanation of the image

Nerthus [3(

TP Ee sl 7. X A BUE S Edege (4 KUMC
[558]. PICCOLO [10]. WCE-CCDD [61]. BKAI-Small [17].
CP-CHILD [52]. Kvasir-Instrument [51] PA & PS-NBI2K [17]),
ARG AR BEOG IS AR B R 2007 55 TR T ARAR B AR HER] 73
AR AR, BT B RIFZE B >R A3 ) 3 2 v DU A Ak
. 4N, CVC-ClinicDB [22], CVC-ColonDB [20]. ETIS-
Larib [21] PA K Kvasivr ) B 2R [29] K Fan %
N [176] PR AL bR fEFEFT R 45 SUN-database [55] H1#)
BIPEREAR N Z % Ji %A (03] (1 MpniE. Hop sk (L
$5 HyperKvasir [141], Kvasir-Capsule [57]. CPC-Paired [18],
Nerthus [30]. GastroVision [67]. EDD2020 [11]. PolypGen
[70]. SUN it P v g FRPEAEAS [55], PAS Kvasir FrER B2
HCASMREAS [20]) MG —4% B 60%/10%/30% H L B33
HNZE . BRI FA T S fre 2 ) R ) 23 L1 20 °H
59.73% (%) /8.77% (Yiik) /31.61% (Wk) - alA (d-c) By
7N, ColonINST AT FIR B H BV — A = FAR2E 2 IR
T 4 RS 13 AIEBIA S 62 4125 AR,
PHEMR IO IR =2 G5B PR B (110,970 ). 5
i R S5 (5,511 Bil) DAKS G5B RG AAH iR
7T (12,139 61), 56 TARE R SREHE. 75—
T, ATEAWTERIEILRE NI B AR (B ATESS i Bk £ id
BRI B E . . IEEAREAEEEEN) KTEH A
1§ (ANEH RS S5 175 57 Bt — I IR (174,381
B) . FAVFER O B K S S MEAEAS , DA R R B i A %
WEEH RAEBAEME. 18 (4-d) 7R T ColonINST Jrighi#i 2851
AR 5311

o HBA K. FToAAWITERI, T RERS 3 WL R e
(R) Sk (ngen]) AR [280]. X fe i A Tima A4 i
PG A SR 5 BH s 9 A T SR R, BNl 128,620 3K
JEARANR 2 B ik A 45 A ) B AR P SCABERA. — N E Ry
R EBIREAIRATEABA T, FLIT Radford 2 A [151]
Pty <3k B0 R . AR, XS Btk
A BB, FEAEME LASC BB AR Y Z RSN 5. i (4-¢) Br

ETIS [21]. KUMC [55].
EDD2020 [41]. Kvasir-Capsule [57].

[67]]
: BKAI'S"“"“ [47] “ Answer: “The image displays a8
PICCOLO [40]. WCE-CCDD [61], CPC-Paired [48], HyperKvasir [11] ‘ﬂJ medical endoscopic view ...” LW
)]. Kvasi-Instrument [51], CVC-ClinicDB [22]

Kvasir [20], PSNBI2K [17]. GastroVision i

CP-CHILD [52].

7]

| theimage.”

A, BATEOT T &R, T AT AR R R
SCA BARTIE , FRATTET R4 K 45 7 556 P A 8 T B 1 28531
PRI E SRR, R Se i AR A SRS A
GPT-4V [O]. BT it X, AR s B AR =
TS B, X SORT R AR T H ARl
FRRFIE, HARME T ARIRANTY, flan Rt . RRE
HASIRINIL s HR, BT 2050 A i SCAS RERS X
RAE SRR, BIARRR AR RS HE . ToBE kit
HIBR"; wa, MR BREA AN COGERAEAS S, BT
HH R, Bl <R BB, IR, N
[ TN T [ v

o BB, TEf /s —2, AUTTOR T TR G5 — %
AR, B CER + A4S — BAmIAEY . )
Bl (4-F) Bz, WIS ZFhEIR . BRZEAIA R IR rh B B O
1 450,724 D ABIXERAE , % T VUSRI RYAESF. FLAART
H, RS (CLS) ZORBAUN—SKEE T G e — 2R
AREE. FUE CibRgs, FATSIA TP RALS  fefrdal
RS (REG), BIAEE EE KIEAT028; PARERRR
BHRES (REC), RIMRIELTEBIAAE G H AR K. BEAh,
BFIAT EBIERE LS (CAP), L GPT-4V A ik
VEREISZ N AT HRIEXERZ R, AP REIE 551
T ISR, A A EENLE R R A AL 20
HABAHIHS L 6.

5.2 RHMBEHIEFSHEE: ColonGPT

o ZhBL. WA 5 PR, ABFFEIAL T =R 2SN TR REIR
P28 A (LLaVA-v1.5 [9]. LLaVA-Med-v1.5 [251] #l GPT-4V
[5]) FEBFEASCA A ML ). LY EE BN, X B AL
HORMERR BRI 1152, XMEDAERCRR € 45 I Bkt &A1 55 B
TRX—WEE, AR TS E R A R 2RSS
B ColonGPT, i HAEMSARE T 152Kk R HER 432
SN RS v o NS ik =i N e X A VA B

o A, AR ETESIEE S AL (LMs) 7EBEAO02E g
BT S SCARE SRR ). A, AR TR



? a \¢ LLaVA-v1.5 (wrong modality)
Human instruction:
“Categorize the object.”

Answer: “The object is a medical image,
s&zea‘ﬁcally an _ultrasound image, showing a
close-up view of a person's stomach.”
LLaVA-Med-v1.5 (inaccurate category)
Answer: “The object in the image is a gallstone.”

% GPT-4V (vague descriptions)
Answer: “The object in the image appears to be a
medical endoscopic view of the gastrointestinal
tract, likely from a colonoscopy or gastroscopy.
The visible area shows tissue am;g possibly a
lesion or abnormality. It is categorized as a
medical imaging répresentation,  specifically

related to gastrointestinal health.”

ColonGPT (Ours)
L Answer: “Polyp”

Colonoscopy image

E 5. ZHREKRSEKHEEILE. BITE=AATEEPIRNBZANE
HAIES RSB ATM SRR ColonGPT RN R #E1T T IE[ExTLE.

ColonGPT [ELe iR, T M ARG S MATL ik &
MIKARS5. T 6 ZEMIFTz, ABFTRH—4 %K ColonGPT
(O RELRREAY HRAE AT S RAL (MLM) (1058 i fiE 2
B 0], 8 TIAEEAE. (o) B, EE AR
K54 Xg S HNIFTTTFI Ty € RYNP ) Hid ok
K No, HRAFRELERE N D . (b) ok, WSEsmines Gad A
T Transformer Z34) ¥—ik R~ A5 H 9% W RIS IER
# R X, € RV G MAEHAKFE By € R X
B, P FEEGAP N, d TR E TR AL, (c)
WG . ZHESIER R By #4h Ny ML T
T, € RN *P | PAVCRLE F 1A TC Tq WAL D. (d) 55, &
SR B R I IC T FISCAIRIE Ty VENEA. HEA
FARREGEE N, DA A 7 A B — A KB L i
T3 Y, AT PAG A p(Y) =TT/, p(yi | To, Tg, Y<i),
Hor Yoo = [y, 2, L yi—1] BRIIE ¢ ZHIHETINES
{ATER.

o ZRINELBIABRE. JERImOBFIE T [8]-[10] % R
=R R R B BTR S RET (GELU) 340 B 54,
2 2Pl (MLP) 458, 1SRG, A, &
K EAEAL B A T 25 A LA, B AT
TCAEESEAT S5 v BB s Ak, % RS
03 R SR TR TR AR R, IR TR
$H. R R Rk, ARG T Rl 2 RS E RS,
TERA RS 2 05 A T ZRLEEALHLEL. W 6 450U pT
T, ECE AR YRR GELU S0E B, 18 AR
S By € R'PE XD N d S E D, WS E 8 %)
Hral By € RP X% XD e UGl A0 B TC R 1 [7] B A
RUPERE, ASCIEMALMY BES T T =T ens , e §5.4 &
A5 XA RESAT T RGN (o) $AREALA . AL
LM P EIA T — 4N s1,...,sn 1 EE R
AL, TR R B LSRR AE. % 35 B BL T R A
FE A FR K B AT S, Hrh A AR A 2
R XD SR RN sn (AL ERAE. (b) 12 F %A, %
SCHR [282) R %, SRR AR T A ERIRE A SCHE

I

B 6. ZIRSIBESEE ColonGPT HET.

FFMMARRHE M T A A8 /N B T
AR BOATCE T, 1B ASHER SR IM—15 2N B 5
WA (c) 2Rl . Ah, APHEGH S RA, A CTER:
fiE Fo BRI TRANK 1 2R T, 55N
RYIXD gy 2 EL e ). BT, A AR S0 R F
R (Fr e RPN, & By € RP.FE, ASORBT
R R, M e A R A T R
WICFY Ty € RN P Hf Ny = s+ + 5% + 1 FmA
TEHEL.

o BORISCHL. St m M P AT R M, T A IR A b
()5S T ColonGPT, fEMS-5IUA 1 HL5E 4 I RS ANE =
WA TCaE SR, BATT S, %R SigLIP-SO (S4iE N
0.4B) (6] fERMEHTLES, HMABRBOPER H =W =
384, BEMGHRA/NG P =14, FHTHALERE N d = 1152, 75
WIE T, ERRWiRA By BABR R79XM52 0 Hop
BCHCE R 729 = [ RN, ASCHEH Phi-1.5 (S35
B 1.3B) [7] fERIES AR SIESTRAE, HiRAZE R
D = 2048. Jyit— B PARTEIFRY, WAL EAER AR %
BN {s1, 82} = {14, 7}, fHETCECRMELAR) 720 B E 246,
PR R 66.26%. X AR R B 4 T U], B
15 s Gt BRI TE L/ NS N SE AR, AT AN T M 36
A

o YL JiR. ABFFLHT PyTorch HEARSTHURIAL, (o ik
NVIDIA H200 2RI 2. JATRA AdamW {E1b4,
VIRZES BN 2 x 1073, FE5 O RI%E K Hem 7205
K. (a) FOTFUE: AL 83K ARG HAR R4
KL S BIASIERCAS, PASCIUPLE S A 2% 5 15 3 B 6] (1 751
X7, R4 BRI ST BE ). TERBE, WS40
WEES B RGRERG, MIGEHESER (%
TR 2x 1071 . (b) MEMIANE: WISTEY 202K 4K
- SCASE FIEATE , R RS I I 45 1 B A P 4 2
(CLS). #5Frkis4 K (REG) S45FRKIAHM (REC) {14
N TETIRCE, A SCHE S B RR 3G (LoRA) 5
W [283], Hfh r =128, FATH o = 256. TEILHEL
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®7

EMMEESHSESEE. "LoRA" EIEEREHN BERN |

ColonINST LB TIIEEFE RHEAMMREF R AHANER. #S + RTHEIES,

| #ATHROE, “EXT" RRFEFSM—ARERE L ATUIGHE. AHRE

RILELT.

IR 7S R CLS {14 (A 1) | REG 1% (A 1) | REC {1% (IoU 1)

i (s ATEAR /B4 (BN /42 No. | LoRA EXT seen unseen seen unseen seen unseen

MiniGPT-v2 [8] | EVA-G/14 (448px/link) LLaMA2 (7B/link) ii; j v 3(1)::1)232 ;ZZ;ZZ Z::ggzﬁ ;igzzﬁ 3?33;2 ;?fgzﬁ
RN M e e R
R Rl A M e e A
T e 1 A e A P e e
Y e T e e I ] e e s
MobileVLM-1.7B [255] | CLIP-L/14 (336px/link) | MobileLLaMA (1.4B/link) zg; 7 3§2i:§ﬁ§ ;3:12(;2 z;:;’;:ﬁ ;gég;ﬁ :gggj §iﬁ§§:§ﬁj
R R e N R e P
LLaVA-Med-v1.5 [281] | CLIP-L/14 (224px/link) | Mistral-v0.2 (7B/link) iﬁi j . 2?223: ZZ:?‘;Z: 32:282 ;g:ggg‘j fﬁjﬁiéﬁ ‘g:g;g:
ColonGPT (Ours) | SigLIP-SO (384px/link) Phil.5 (1.3B/link) - 7 94.06% 83.24% | 99.96% 80.18% | 85.74% 56.24%

L AR S L2 ST 343 B2 2 x 1072 1 2 x 1072 I
G RRICHATIAN T B, BB A g =5 B GPU |y
HRNH 16, BREEREPIAZ BRI i YNGRAERT 5T, TS
FrBr B2y 1.4 /N, BB By 5.3 /N

53 ZREERE

o LRI A HAZ ) 2 AT A SRS E AR T
BT /AN FERZHESIE S (MLMs) /B AXf o, H
AL 36 7S A 3 TS AN A S 2 40 & AR AL, Wk 7 IR,
BT AR TE AP R N S 53, 43 B0 T R
SRR H3E M. (LoRA) [283] s TN ER ¥ ia 1k
HIEL B BB 7E ColonINST Frf ity se B ill| 254 5
BiEgE BT T E BT

o VERN PR ASBIFITE ARSI I3 B0 = s AT 45 10F
17 BV X TR0 X AT 55, BI4r2fE45 (CLS)
S ERAAERES (REG), RAITRAMERERR (A) K
i B2 TE AR T P 2 SR T TR B X T PR AR R R AR
1% (REC), FATRARI (1oU) $8RIPAEEA R E AL
FEEE. Buobh, 4T EGHRA TS (CAP), mTHIESH
HHEA B, AR EFEREN AR L, e
A PTAEAL R A E A I B G T R S5 . 280 44 FRERE %
[REISK a

o *EOIRET). WA EEAMR AT E I, A B
BUAUAE 2 KFEFE b B8 A RO I 2RI B i B v i 5 B
168 H BRI BLAROSRE, FRATTHAEIX SEAR Y I ok iy YN G A
HEFTIEAL, X ColonINST B F4E. g 7
“seen” B 7~ , FATHE CLS {145 UG A = 94.06%. REG {T:
% PSR A = 99.96% PA REC {145 I Htfs ToU = 85.74%,
YIS T R o AL X R B ColonGPT BLAYH A B iR 1 2% >
e 71, ReMSUERGHbS G T 028, I AR5 e I X3k
FHR I FERR IR,

o [ZALfE D). FRATHE B AT T B, ARG SRR
FrF R B R AEEAAYRE F1, B ColonINST Hi il ilie
AR TH “unseen” FFTIN, 5R-—EEERIHAE A ST
%51, ColonGPT fERAEA L RIMEM. FIE—T, LT
IFEAI R, $RFRFRBAE TS (REG) L ColonGPT fi
BRI T LLaVA-vL.5. SR1fi, ER WA FH, X —
ZPEHF— 4K, ColonGPT iK% 80.18% MR, H %
e 7B ZHOIEL LLaVA-v1.5 (#C2) it T 7.3%. Ah,
R AT S IR . ColonGPT 8% M T 454
GERTE T, BTSRRI B, Tt
AR R W B 5. 4N, fF CLS /L4 mykRmsz s,
ColonGPT K UERG L #G1 Al #Hy 4r 3l 5.2%
4.0%.

o VT, B T RN T RATEAE AL S T =R 2
BLRSRETT. (o) F2ARAE A - E43 284155 (CLS) . BEAUARNSIH
BN SEARRAE , ZE AR L B P X 2 oo i S 2R 34
A7 5 R FEFRRR IR A TS (REG) Hr, AR AR IF g
A 25 7 AR R AL 1 52 A R AE G AL RS B Y B 2RI (D)
EALAE A X TR E ColonGPT fEFEARE = £, IR 2%
JAREE e R H AR SRR IR S (REC) B
/R T ColonGPT fgfili Jfl il FAEKS B E (g5 E Fab. () #ik
AE ) TGS (G G A R HE TR . S A & SCAR. A
RUBROL TR B AOHA PR T HI A SRR
EMIGRE . BEAh, M4 EG P AEAERR R, ColonGPT i fE
HEARIGITRE, il “EG R T YIRE R E R

54 iSHiEE

o PAEGISAT. IS LI IR T — DR H 2 093050 £ AR
FiE R T SRS MR AUFIRET 2RI 2
TR, AT PUREMERAE T A A=~ (ConvNeXtV2
[286], VAT [101]), #@E>] (MAE [287]), PAKGE M4l s
XFHA%>) (DINOvV2 [255]) S AMLSE-1EF (VL) X


https://storage.googleapis.com/sfr-vision-language-research/LAVIS/models/BLIP2/eva_vit_g.pth
https://huggingface.co/meta-llama/Llama-2-7b-chat-hf
https://huggingface.co/openai/clip-vit-large-patch14
https://huggingface.co/lmsys/vicuna-7b-v1.3
https://huggingface.co/openai/clip-vit-large-patch14-336
https://huggingface.co/lmsys/vicuna-7b-v1.5
https://huggingface.co/google/siglip-so400m-patch14-384
https://huggingface.co/microsoft/phi-2
https://huggingface.co/openai/clip-vit-large-patch14-336
https://huggingface.co/laion/CLIP-convnext_large_d_320.laion2B-s29B-b131K-ft-soup
https://huggingface.co/google/gemma-2b-it
https://huggingface.co/openai/clip-vit-large-patch14-336
https://huggingface.co/mtgv/MobileLLaMA-1.4B-Chat
https://huggingface.co/openai/clip-vit-large-patch14
https://huggingface.co/docs/transformers/main/model_doc/llama
https://huggingface.co/openai/clip-vit-large-patch14
https://huggingface.co/mistralai/Mistral-7B-Instruct-v0.2
https://huggingface.co/google/siglip-so400m-patch14-384
https://huggingface.co/microsoft/phi-1_5

Image classification (CLS)

Human instruction:
“Identify the category of the object.”

1
1
1
' y
) | blood fresh?”
E 1
1
1
. |
Human instruction: :
1
1
1
1
1
1

DT, .
ColonGPT'’s response: ColonGPT’s response:

“high grade dysplasia”

“Determine the object's category.”

£

ColonGPT'’s response:

“Human instruction:
“adenoma” :

of high grade adenoma.”

Referring expression generation (REG) ColonGPT’s response:

| 10U=99.1

1

i

Human instruction: :
“Could you provide the category for |
{<126><2><466><397>}?" 1
Lo

ColonGPT'’s response: 1
“adenocarcinoma” H

1

o Human instruction: :
1

1

1

1

1

1

1

“Can you tell me the category of
{<459><787><944><1079>}?"

&

ToU=98.84%

ColonGPT'’s response:
“invasive carcinoma”

L “Could you give the position of

“Please specify the coordinates

Human instruction: |
“Could you specify the location
p of low grade adenoma?” L
- ColonGPT'’s response: 'ﬁ‘
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1
N Human instruction:
“Offer a thorough explanation of the image.”
H ColonGPT's response:
I “This endoscopic image reveals a solitary pedunculated polyp located within the
| gastrointestinal tract, characterized by its elongated stalk and bulbous head. (lesion
| identification) The mucosal surface of the polyp appears smooth, which is consistent
" with the benign nature of a non-neoplastic polyp, such as a hyperplastic or
| adenomatous polyp. (lesion morphology) However, the absence of surface
: irregularities or ulceration suggests a higher risk of malignancy, which would
| warrant further histopathological examination. (treatment recommendation) The
| surrounding mucosa appears normal without signs of inflimmation or other
| pathological changes. (contextual information) The presence of such a polyp
. | underscores the importance of routine screening colonoscopies for early detection
é | and removal of potentially precancerous lesions. (clinical relevance)”

“The image depicts a clinical endoscopic view during a gastrointestinal procedure,
! specifically highlighting a polyp within the lumen of the gastrointestinal tract.
| (lesion identification) The polyp appears as a smooth, rounded protrusion from the

&

A Human instruction:
“Detail the visual elements in the image.”
ColonGPT'’s response:

I mucosal surface, which is characteristic of a benign lesion such as an adenomatous
| polyp or a hyperplastic polyp. (lesion identification) The surrounding mucosa
I appears normal, without signs of inflammation or ulceration. (contextual
| information) The presence of a snare, a tool used to remove polyps, suggests that the
| procedure is ongoing or a biopsy is being performed. (surgical procedure) The
! timestamp and patient information are obscured, indicating that this image is part
- of a medical record or documentation. (medical record details)”

E 7. ColonGPT B BMABEENRR. ColonGPT AR PIBENMERENTEMSESLEHEHREES, SEETER (CLS. REG). Ef

(REC) #nffiix (CAP) MI{ES.

(CLIP [289], SigLIP [0]) . fn# (VIIL-a) B, Big Mo ss
HB A T ok B Huggingface HFIILALE. Ny T HfRE—E0rk,
WG MAE F1 DINOv2 BRINAIALE i A 224 182 T3
AES] 384 15 F (FRidh «), MHARB LRI AAE.
MEREE R, HIE-1ET (VL) Bdmaxs s > gnitas
V14 2 R T E A SRS . 3K 15 I o7 19 )11 530 ) 3 e 559 SCAR KR B
FAEIATHIE XS FF, B BT RASE A S S L 250
73 [E]. BT HAN RS AR DAY A Ui (ConvNeXtV2,
ViT) FIEE ¥ (MAE) 45 T4 AR 5. 2R,
AR AT e I BB (DINOv2) RIUREE", X R I
L FAE T REME DA S 1 A5 )X 5

o LR B BEAERLEY. T2 ANE S AR A
P, AL IR D C AR MR T BT, IR g (VIILD) H
TERI, BB AT I HARE. () T gkt
TR PERSE, ARSUERE T SCER (8], [9] R I 2 RS
WGRLAE, f T ColonGPT bR I LA, 1%id Flws R
iz 2R (MLP) 2249, XA f AR okt iy 5
AR SR, FRATEE 2B TR AR A, A Nk
BRI B4 e inoc, HECE 2500 16,8,1, 14,7,1,
12,6,1. 10,5,1 fil 8,4, 1. Zi &% A RE ST RNA, &
KT 14,7, 1 fE R RECE, XRASE A TR A 100%
(729 4~) FE4i% 33.74% (246 ), [A]HHE =50 ZREEXHE T
SRR TR A ERBL. B, 4T (CLS) H¥Efk
FKIXERAES (REG) H, PERES AT T 5.14% F1 4.91%.
(b) 2k EF L RE L% ¢ AP RMNBINE {14,7,1} £

LEAEERRE, WNIETT2RERE, B AR, &
BB RGBSR, (BN T 2RSS MBS AL 5T, WAR™
A NITEIIER.

R e a P RS BR A R AFAL , 15338 — M BEEDh {14, 7} /Y
X BRAR IR, LI AR R PERE T I T, ICRWIEL S AR
Xt Ja R SUE BT AR AR, 2SS B R A A B
P () Mz EHmAAEEFER K (VIILD) f5—17Ps, &
B B TS B B E R PR RB AR AR 55 (REG) Wk RER
N, M 80.18% [ & 76.35%. ik F WML 51 AU AH X7 B A7
BT A5 B R

o BRSNS . fos, ASSCIRIT T “UMHE S BS S I B A 4L
W EAROBIARATRIRAL ik (VIILc) PR, ABF5eEt
XHE R Phi-1.5 #0812 iR A H i s -E R [
AIRAR &R (LoRA) FLE, AR — A RHIHM S5 A
TEBCE N /o = 128/256 (1) LoRA A8 (R sl e8] 1 e fEPERE.
WK E, ERHHPIRAE =L ER R AR,
X RIAERAR A R OLS T oA S H0F A &
HAERESE T

5.5 ZEH

AT TS 20 4 i B A 2 I A - R B AR I 4 4 1R
R RSS2 ARG T - PRREF AL
B RN R —RAETE T SR AR N A,
FeTERET N — N TCHN A HEZE R A PR AL AL 55 e,
FAINER PR T — 2B HEO, AR K S BEHTT
A R (i S L

o PHRBIRREE. — Bk, ZRESTEF A (MLMs) [9],
[278] SAeiE R AT PIB BN S, Blanfi 2y 55.8 1
IMREABFTZ BRI, MG T2 66.5 T3 MR MR A
PABRERAT G NZERER. ARBTTOR A T BRI BUSkms , AEAXT R
12y 285K M4 I I R8s B X ColonGPT dEATHHMA.
TEREA RS I G 5P, X— R PR AR, 4
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ColonGPT =AMl A EYISHEAE.

(a) BUAELRS A 0L

(b) Lkl LGRS

T M BRNEITREUKSERNSHEE, FAIRM 224px Bl 384px. BINEEAREE R

(c) iimsens

maeamee| A/ sz cLs| REc| REC Wt (%) CLS| REG| REC #Ws| r o CLS| REG| REC
ConvNeXtV2-L|384px/link| 81.51%| 76.41%| 53.09% MLP 3% (729 (100.00%)| 78.10%| 75.27%| 56.29% ZHtfiH| -  -| 70.03%| 63.07%]| 13.17%
VIT-L|SSépx/ink|85.99%) TBTO%| S6.04% o togii oo a0 268 e SOARY|IBOR%  Loma| 10 33| o1.06%| 7.67%| 5.41%

. 5 Ty . 0 . 0 . 0] . 0 o . ) . 0 . 0

MAE-L¥|384px/link| 83.30%) 79.51%)| 53.59% {14,7}| 245 (33.61%)| 80.67%| 78.86%|58.05% LoRA| 32 64| 82.63%| 78.76%| 52.11%
MAE-L|224px/link| 82.85%| 79.19%)\57.57% {12,6,1}| 181 (24.83%)| 79.46%| 75.25%| 52.22%  LoRA| 64 128| 82.27%| 79.72%| 52.20%
DINOv2-L|224px/link| 22.48%]| 10.09%| 5.65% {10,5,1}| 126 (17.28%)| 81.42%| 76.73%| 52.04% LoRA|[128 256|83.24%(80.18%|56.24%
CLIP-L|336px/link| 77.05%| 71.92%| 51.68% {8,4,1}| 81 (11.11%)| 81.55%| 77.60%| 53.39% LoRA|256 512| 81.75%| 77.89%| 54.03%
SigLIP-SO|384px/link| 83.24%80.18%| 56.24% w/o Pos. Enc.| 246 (33.74%)| 80.56%| 76.35%| 55.77% LoRA|512 1024| 79.39%| 74.54%| 55.52%

*®9
KWRB. CLS ESHIEMEL ColonINST EAERWEMCRERES EHTITM, BN SHERHIYDTF 30 §l. &F—IHERTEERA
HIEBRS.
Model adenocarcinoma suspicious precancerous lesion inflammatory bowel disease colon diverticula resection margin | SEHfERE
LLaVA-v1.5 (No.#C2) 0.00% 14.29% 0.00% 0.00% 50.00% 14.04%
ColonGPT (Ours) 57.14% 14.29% 22.22% 22.22% 37.50% 28.07%

WFFEHE T PR AT AT 7 SRR SR A AR A A% Lo ) B
() 3 KA WA i voi 4 A U AR BE ) ) — b B4 7 vk
— PR ARG T, A VR IR S
A REE [290].(b) ZFEACH ABLXETE A B T 2001 2hd
MTE5mBeke A N TR RE & B X R A (T AE L
JeE I N T REM R AL NP R 250, b BG4 s 2]
PATHIESS , BIARHE TS AR 22 30 TE DA SE BURS 40 2051 [291]
A AT H Y 2 WA S PEEA TR [202]. () FRATULEEE
Y HTBRAE K R R ERBU 2 W R R A AT
HEMR (Tab. 7) RIS T AR EEALERE , (HAER A 25
WA REAIRE T (Tab. 9) . XFZEREN], ALK
BAm e, O TG A A, B2 n fE
X R . — AN RIS 7 ) R e AR HE
28 (7] 5B AR AN A

o MORE L. WniTd, FATEME N EDINFLGA I,
WERLT HA ST AR, UG TS PR R X — R T
AN ColonGPT Y mRA T 3. (a) 5B AR A L
FAERETURAEE. IR0 §2.2 F97 hETheny, KRR
KIAAFEEACE, H RN R 2B 5 R E R
AR DU RFAE. NI X R TTA, ABFTERR T Fh 2L
DRSNS, R AEAN B MR RE R IR T, XA
JCHEATA B E I RAE. E— AT i ] i 2 DAFEAE TR DR
WOTMA 2R [293]. (b) WK 7 PR, A Phil.s
(7] B NIRRT, Hpk e R i 1 — e S A
IR 70 AZHINS AT, X BRI, HUBLREOR AT fiE
SEHRORT S e KRR R S i B A K. P, RIS,
BT RIS ERCR , AR RKBUCBL TSR, T
HRAER 20 . — AR ATSE A 7 ) )2 5 LA TC A e
PeIrg [294], PARIEZBESIE S (MLM) 585K, M
R SC BRI ISR 2 A BEAR- 5 AT

o SO MIRRINGE ). AHTTE B, BEAARIE = R A

P EFRRE A R, X — S e 7 PR FR R AR 5
(REC) &5 R RIS B : FEAR AEA EINH, K%
BRI (ToU) 303K T 50%. S5 M REME
AR W S W] REFIAIT ST IR AR, (a) 456, TEANZ ColonGPT
BF, FRATR A T8 A AT A T SRS A i T S A Ak
17, XSRS T I A DBk — 8 AR5 B2t
B2 M B0 2ER: RMNEHRS 5ESESZ N
USAFAETE SCRSTE. Xk, SCHR [205] $2 i, FEFEATHE 0Nl ,
SNt WS BT I GRS FF, R MR A
HARISW . (b) ik, FRESHEBET T Mo
WIABLE], FEACPERE 2R AR5 (NSRS HAE
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